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Background Classification Results & Feature Importance
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Connectivity Imaginary Coherence (iCoh), Directed Phase Lag Index (dPLI), Transfer 3. The two biomarker sets partially overlap but are explanatory value for freezing classification
Entropy, Cross-Correlation differentially weighted: Syngap+/A-GAP freezing within each genotype.
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freezing transitions and identify distinct

Fractal Dimension (KFD), Hjorth parameters, Spectral Entropy spectral entropy and OB & spectral entropy only.
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